Using open geospatial data and technology to support
malaria risk modelling

Malaria Atlas Project: Data Engineering Team



Who we are

Malaria Atlas Project
A geospatial disease modelling research group. Focussed primarily on malaria

Why malaria?
- Responsible for an estimated 640,000 deaths in 2019
- Disproportionally affects sub-Saharan Africa and kills children under 5

Mission
- Improve understanding of global malaria risk and the impact of interventions
- Disseminate free, accurate and up-to-date geographical information on malaria
- Provide policy makers with information on trends and on which interventions are most effective
- Reduce malaria morbidity and mortality by facilitating targeting of resources



Who we are

Data Engineering Team
Support modelling work by building and using software tools across three core areas:
1. Data acquisition
Identification and ingestion of new datasets relevant to malaria
2. Dataprocessing
Extraction of useful information into a consistent format
3. Datadissemination

Publication of input and output datasets on the web



Data Sources

Administrative unit boundaries:
-  GADM, GAUL, country ministries of health

Routine surveillance: data associated with administrative units (polygons)
- MoH reports/websites, WHO reports, privately shared MoH reports

Parasite Rate and Interventions: data associated with survey locations (points)
- Surveys from academic lit. reviews, DHS Surveys, MICS surveys, SPA Surveys

Satellite imagery: environmental data
- NASA MODIS data; other publicly available satellite data

| TR LLE
sy gE: %




Routine Surveillance Data

Architecture: Surveillance Data
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Annual Parasite Incidence Analytics
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Parasite Rate and Intervention Survey Data
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arasite Rate Survey Data

Individuals examined for Pv by test type
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Covariate Data Processing

Architecture: Covariates Data
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Covariate Products: EVI and LST Day
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Geostatistical Modelling

Modelling Pipeline: Global Cubes
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Geostatistical Modelling

Modelling Pipeline: High-Resolution Country-Level Time-Series
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Geostatistical Modelling

Modelling Pipeline: Intervention Coverage Cubes
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Dissemination: Data

https://malariaatlas.org/api-docs

Simplified Architecture: MAP Web Portal
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https://malariaatlas.org/api-docs

Dissemination: Web Mapping
ttps://malariaatlas.org/explor
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https://malariaatlas.org/explorer

Dissemination: Data Visualisation
https://malariaatlas.org/trends
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https://malariaatlas.org/trends
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